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The Tech That Found Millions

Keisha Williams stared at the dashboard that was
| about to make her CFO very, very
uncomfortable.

The ML model had been running for three weeks.
Learning their payment patterns. Comparing
them to industry benchmarks.

And it had found something nobody wanted to
see: They were hemorrhaging money, and
nobody had noticed.

The Number That Doesn’'t Make Sense

Thursday morning, 7:23 AM. Keisha was on her second coffee when the alert came
through.

INSIGHT READY: Cost Variance Analysis Complete

Keisha Williams, Chief Data Officer at GlobalPay, had deployed the ML benchmarking
system three weeks ago. The promise was simple: Let the Al learn your payment
operations, compare them to anonymized industry data, and identify inefficiencies.

She clicked the alert.
A dashboard loaded. One number jumped out immediately:

Your payment processing costs are 31% higher than industry median for your
transaction profile.

Keisha sat back. Thirty-one percent. On a quarterly payment processing budget of $4.8
million, that was... she did the math... $1.5 million per quarter in excess costs.

Six million dollars a year. Just disappearing into inefficiency.
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She clicked into the details.

COST VARIANCE BREAKDOWN :

Payment Rail Selection: +18% over benchmark
Issue: Using premium rails for transactions that qualify for standard
Impact: $864K/quarter excess cost
Recommendation: Implement intelligent rail routing

Currency Conversion: +8% over benchmark

I— Issue: Converting at sub-optimal times (during high volatility periods)
— Impact: $384K/quarter excess cost

— Recommendation: Timing optimization with volatility prediction

Batch Processing: +5% over benchmark

— Issue: Processing payments too frequently (daily vs optimal weekly)
— Impact: $240K/quarter excess cost

— Recommendation: Optimize batch frequency per payment type

Total Opportunity: $1.488M/quarter ($5.95M annually)

Keisha felt her stomach tighten. She'd been CDO for eighteen months. GlobalPay
processed payments for freelance platforms, creator marketplaces, and gig economy
apps. Hundreds of millions in quarterly volume.

And for eighteen months, they'd been overpaying by six million dollars a year. Without
anyone noticing.

This was either going to be the insight that saved the company money, or the revelation
that got her fired for not catching it sooner.

She picked up her phone and called her team lead.
"Terrence, you seeing the ML benchmarking results?"
"Yeah. I'm looking at them now. Keisha, are these numbers right?"

"That's what | need you to verify. Pull the last six months of transaction data. Let's
validate what the model is claiming."

What 38 Years of Experience Teaches You

Keisha was 42 years old. Born and raised in Atlanta. Studied computer science at
Spelman, got her master's at MIT. Spent fifteen years in data science at financial services
companies before joining GlobalPay.
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She'd seen enough corporate analytics to know that most "insights" were garbage.
Dashboards that looked impressive but told you nothing useful. ML models that found
correlations that didn't matter. "Benchmarking" tools that compared you to companies
nothing like yours.

But this ML system was different. It wasn't just comparing aggregate numbers. It was learning
the actual patterns of how GlobalPay processed payments, then finding similar companies in the
anonymized benchmark data and showing exactly where GlobalPay diverged.

By 10 AM, Terrence had verified the first finding.

"The rail selection thing is real," he said. "We're using Stripe's instant payout feature for
78% of our transactions. Industry benchmark says companies with our profile use instant
payouts for only 31% of transactions—the urgent ones. Everything else goes through
standard ACH."

"What's the cost difference?"

"Instant payout: 1.5% fee. Standard ACH: 0.8% fee. On $320M quarterly volume, that
0.7% difference is..."

"$2.24 million per quarter," Keisha finished. "Why are we using instant payout for
everything?"

"Because that's how the system was set up four years ago when we launched. Nobody
ever questioned it."

Keisha closed her eyes. Four years. They'd been overpaying for four years because
nobody had thought to ask whether all payments needed to be instant.

"What about the currency conversion finding?"

"Still validating, but it looks real. We're converting EUR to USD every day at 4 PM
Eastern, regardless of exchange rates. The ML model says we're converting during high-
volatility periods 67% of the time. Optimal timing would save us about 2.3% on
conversion costs."

"Who decided on 4 PM daily?"

“It's in the original system spec. 'Convert all foreign currency daily at market close.’
Made sense in 2020. But currency markets are 24/7 now. The ML model learned that
conversions at 9 AM GMT have 34% lower volatility on average.”
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Keisha felt the weight of it. Six million dollars a year. Lost to decisions made years ago
that nobody had revisited.

This was going to be a very uncomfortable conversation with the CFO.

The Meeting Nobody Wanted

Friday morning, 9:00 AM. Keisha sat in the executive conference room with the CFO,
CEQ, and VP of Operations.

The CFO spoke first. "Keisha, | got your email about the ML benchmarking results.
Before you start, | want to understand: why are we only finding this now?"

There it was. The question Keisha had been dreading.

"Because we've been measuring the wrong things," she said. "We track total payment volume,
success rates, fraud rates, settlement times. All the standard metrics. But we've never measured

efficiency compared to what's actually optimal for our transaction profile."
"And this ML system does that?"

"It learns our payment patterns—transaction sizes, destinations, timing, payment types.
Then it finds similar companies in anonymized industry benchmarks and shows us where
we're diverging. Not just 'are we doing things,' but 'are we doing things the optimal

way.
The CEO leaned forward. "Show us the findings."

Keisha pulled up the dashboard. "We're paying 31% more than industry median for
payment processing. That's about six million dollars annually. It breaks down into three
main areas."

She walked them through it:

Finding 1: Premium rails for standard transactions "We're using instant payout for 78%
of transactions. Industry benchmark: 31%. The premium fees add up to $2.24M per quarter."

The VP of Operations frowned. "But creators want instant payouts."

"The ML model analyzed creator behavior. Only 23% of payouts are withdrawn within 24
hours. The other 77% sit in accounts for days or weeks. We're paying premium fees for
urgency that doesn't exist."
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Finding 2: Sub-optimal currency conversion timing "We convert at 4 PM Eastern daily,
regardless of market conditions. The ML model found that 67% of our conversions happen

during high-volatility periods. Optimal timing would save 2.3% on conversion costs—about
$384K quarterly."

Finding 3: Over-frequent batch processing "We process certain payment types daily when
weekly would be optimal. The extra processing cycles cost $240K per quarter in unnecessary
compute and rail fees."

The CFO was taking notes. "These findings are validated?"

"My team has verified Finding 1 completely. Finding 2 is 80% verified—we're still
analyzing some edge cases. Finding 3 is under review."

"What's the confidence level on the ML model's recommendations?"

Keisha pulled up the methodology. "The model trained on three months of our
transaction data plus anonymized benchmarks from 240 similar companies. It's not
making guesses—it's identifying actual patterns where we diverge from optimal
behavior."

The CEO was quiet for a moment. Then: "If we implement these changes, what's the
risk?"

"That's the smart question," Keisha said. "The ML model doesn't just show us what to
change. It shows us how to test changes safely."

The System That Knows How to Learn

Keisha pulled up the recommendation interface.

"For the rail selection issue, the model proposes a three-phase approach.”

RECOMMENDATION: Intelligent Rail Routing

PHASE 1 (Weeks 1-2): Learn Creator Urgency Patterns

- Deploy ML prediction model: Which creators actually need instant payout?
- Features: Historical withdrawal timing, creator type, transaction size

- Canary test: 10% of transactions

- Success metric: 95%+ accuracy predicting urgency

PHASE 2 (Weeks 3-6): Hybrid Routing

- Route predicted-urgent transactions to instant payout (1.5% fee)
- Route predicted-standard transactions to ACH (0.8% fee)

- Monitor creator complaints and override when needed
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- Success metric: <2% creator complaints, >60% cost reduction

PHASE 3 (Weeks 7-12): Full Optimization

- Expand to 100% of transactions

- Continuous learning: Model adapts to changing creator behavior
- Expected savings: $1.8M annually

- Rollback trigger: Complaints >3% or accuracy <90%

"The system doesn't just tell us what to do," Keisha explained. "It tells us how to learn whether
we should do it. Phase 1 tests the assumption. Phase 2 validates at scale. Phase 3 optimizes
continuously."

The CFO was reading the screen. "And if creator complaints spike?"

"Automatic rollback. The model monitors satisfaction metrics in real-time. If complaints
exceed threshold, it reverts to previous behavior and logs why."

"What about the currency conversion optimization?"

Keisha switched screens.

RECOMMENDATION: Volatility-Aware Conversion Timing

APPROACH: ML-Predicted Optimal Windows

- Deploy volatility prediction model (trained on 5 years FX data)
- Predict low-volatility windows for next 24 hours

- Schedule conversions during predicted optimal periods

- Fallback: If no optimal window in 24h, convert at current time

EXPECTED IMPACT:

- Cost reduction: 2.3% on conversion fees ($384K/quarter)

- Risk increase: Minimal (24h max delay vs current immediate)

- Creator impact: None (withdrawals still instant, conversion timing
invisible)

VALIDATION PERIOD: 4 weeks on 20% of volume

- Compare actual savings vs predicted

- Measure accuracy of volatility predictions

- Monitor for adverse market condition edge cases

"This one has almost no risk," Keisha said. "Creators never see the currency conversion
timing. We're just being smarter about when we execute."

The CEO nodded slowly. "Okay. I'm seeing how this works. The ML doesn't just identify
problems—it proposes testable solutions with safety mechanisms."

"Exactly. And here's the part that really matters: The model keeps learning."

Keisha pulled up the continuous optimization dashboard.
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"Every week, the model re-analyzes our patterns and benchmarks. If our transaction
profile changes—say we expand into new markets or change our creator mix—the
model adapts its recommendations. We're not optimizing once and walking away. We're
continuously learning what optimal looks like."

What Happened Next

They approved Phase 1 implementations for all three recommendations.

Week 2: Rail Selection Learning Phase

ML MODEL UPDATE: Creator Urgency Prediction
Training complete. Accuracy: 94.2%

Key patterns identified:

- Creators who withdraw <24h: 23% (need instant payout)

- Creators who withdraw 1-7 days: 48% (can use standard ACH)
- Creators who withdraw >7 days: 29% (can use standard ACH)

Surprise finding: "Urgency" correlates with creator type, not transaction
size

- Full-time creators: 67% need instant (rent/bills)

- Side-hustle creators: 12% need instant (supplemental income)

Recommendation: Route by creator profile + historical behavior, not
transaction amount.

Ready for Phase 2 hybrid routing?
Keisha brought this to the product team. "We've been assuming everyone wants instant

payout. The ML found that 77% of creators don't actually need it. We're paying premium
fees for urgency that doesn't exist.”

They deployed Phase 2. Routed predicted-urgent transactions to instant payout,
everything else to standard ACH.

Week 4: Results

PHASE 2 RESULTS: Hybrid Rail Routing

Metrics:

- Transactions routed to standard ACH: 74% (vs 78% predicted)

- Creator complaints: 0.8% (well below 2% threshold)

- Cost reduction: 62% on rail fees ($1.39M/quarter vs $2.24M predicted)

Unexpected benefit: Creator satisfaction UP 5%

- Reason: Faster payouts for urgent creators (100% instant routing)
- Previous: Everyone got instant, system sometimes delayed under load
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- Now: Urgent creators guaranteed instant, no delays

ML Model confidence increasing: Now 96.1% accuracy

Recommendation: Proceed to Phase 3 (full rollout)

Keisha stared at the "Creator satisfaction UP" line. They'd been worried creators would

complain about slower payouts. Instead, satisfaction increased because the urgent cases
got guaranteed speed.

The ML had been smarter than the humans.

Week 8: Currency Conversion Optimization

VOLATILITY-AWARE CONVERSION: 4-Week Validation Results

Conversions moved to optimal windows: 89% of volume

Average volatility during conversion: 34% lower than baseline
Cost savings: 2.4% (vs 2.3% predicted)

Quarterly impact: $403K savings (vs $384K predicted)

Surprise finding: Weekend conversions have 47% lower volatility

- Previous system: Never converted on weekends (legacy constraint)

- ML model: Weekend timing optimal for 23% of volume

- Additional savings: $48K/quarter

Anomaly detected and avoided:

- Model predicted high volatility on 2025-11-15 (geopolitical event)
- Delayed conversions by 18 hours automatically

- Avoided $127K in unfavorable rate exposure

Recommendation: Deploy to 100% of volume

The CFO called Keisha. "Did your ML model just avoid a six-figure loss by predicting
market volatility?"

"It learned from five years of FX data, including geopolitical events. It recognized the
pattern and delayed conversions automatically.”

"That's... that's not just cost optimization. That's risk management.”

"That's what happens when ML learns not just what you do, but what you should do given
market conditions."

The Insight Nobody Expected

Week 10:
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The ML model flagged something new.

NEW INSIGHT DETECTED: Cross-Subsidy Pattern
Analysis: Your payment processing costs vary by creator segment.

Cost to serve by segment:

- Micro creators (<$100/month): $8.40/creator/month

- Mid creators ($100-$5K/month): $12.30/creator/month
- Power creators (>$5K/month): $18.70/creator/month

Revenue by segment:

- Micro creators: $6.00/creator/month (platform fees)
- Mid creators: $42.00/creator/month

- Power creators: $380.00/creator/month

Finding: You lose $2.40/month on every micro creator.
With 180,000 micro creators, that's $432K/month in subsidies.

Benchmark comparison:

- Industry median: Profitable at all creator tiers

- Your company: Losing money on 62% of creator base

Root cause: Offering instant payout to all tiers equally.

- Cost justified for power creators (high revenue)

- Cost NOT justified for micro creators (negative margin)
Recommendation: Tiered service model or minimum volume requirements

Keisha brought this to the executive team. "The ML found something we weren't even
looking for. We're subsidizing micro creators at a loss of $5.2M annually."

The CEO looked uncomfortable. "We can't just stop serving small creators. That's our
mission—democratize access to creator income."

"I agree," Keisha said. "But we need to serve them efficiently. The ML shows that instant payout
for micro creators doesn't make economic sense. But standard ACH would be profitable."

"Will micro creators accept slower payouts?"

"The model analyzed their behavior. 91% of micro creators withdraw monthly, not daily.
They don't need instant. We're giving them a premium service they don't use, and losing
money on it."

They implemented tiered service. Instant payout for mid and power creators (profitable
segments). Standard ACH for micro creators unless they opted into premium (at cost).

Result: 88% of micro creators stayed on standard ACH. Creator complaints: 1.2%. Financial
impact: $4.7M annual savings.
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The ML had found a business model problem hiding in operational data.

The Conversation That Validated Everything
Month 4:
Keisha presented quarterly results to the board.

"The ML benchmarking system has identified $11.3M in annual cost optimization
opportunities. We've implemented three major changes:

1. Intelligent rail routing: $5.6M annual savings
2. Volatility-aware currency conversion: $1.6M annual savings
3. Tiered service model: $4.7M annual savings

Total impact: 24% reduction in payment processing costs, taking us from 31% above
industry median to 7% below."

A board member raised her hand. "Below median? You're saying we're now more
efficient than industry standard?”

"Yes. Because the ML doesn't just bring us to median—it finds optimal. And it keeps
learning. Last week it flagged another opportunity around batch timing that could save
an additional $800K annually."

"How confident are you in these numbers?"

"Every change was validated in canary tests before full rollout. Every prediction was
measured against actual outcomes. The ML's accuracy has improved from 94% to 97%
as it learns from our results."

Another board member: "What's the risk that these optimizations degrade service
quality?"

Keisha pulled up the satisfaction metrics. "Creator satisfaction is up 8% since we started.
Because we're not just cutting costs—we're delivering the right service level to each
creator segment. Power creators get instant everything. Micro creators get reliable,
predictable payouts. Everyone gets what they actually need."

"And this system continues to learn?"

HEROES LIKE YOU | veritglobal.com



g

"Every week, it re-analyzes patterns and benchmarks. If our business changes, it adapts.
If market conditions shift, it adjusts recommendations. It's not a one-time
optimization—it's continuous intelligence."

What She Tells Other CDOs

Last month, Keisha spoke at a data science conference in Chicago. After her talk, a CDO
from a logistics company approached her.

"I heard about your ML benchmarking system. Finding millions in cost savings just by
comparing to industry benchmarks. How did you get executive buy-in?"

"I didn't ask for buy-in on theory," Keisha replied. "I deployed the system, let it learn for
three weeks, then showed them a dashboard with $11M in validated opportunities. Hard
to argue with that."

"But how do you trust the ML's recommendations?"

"You don't trust blindly. The system proposes changes with validation phases. You test
at small scale, measure actual results, then scale if proven. The ML includes the safety
mechanisms in its recommendations.”

"And it really keeps finding new opportunities?"

"Every week. Last month it flagged that we're processing payouts on high-cost days.
Moving volume to low-cost days saves $200K annually. The month before, it found
inefficiency in how we batch international wires. The ML never stops learning what
optimal looks like."

"What system are you using?"
"VeritOS with ML Benchmarking Intelligence. Verit Global Labs."
The CDO was taking notes. "And this actually works? Not just theory?"

"Four months in, we've reduced payment processing costs by 24% while increasing
creator satisfaction by 8%. It works because the ML doesn't just analyze your data—it
learns from hundreds of similar companies and shows you exactly where you diverge
from optimal."

Keisha walked away and checked her phone. A message from the ML system:
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NEW INSIGHT: Payment timing optimization

Detected pattern: 67% of your payouts process during peak-pricing hours
Recommendation: Shift 42% of volume to off-peak (saves $180K annually)
Validation: Run 2-week test on 15% of volume

Risk: Minimal (timing invisible to creators)

Another week, another insight. Another opportunity to do better.

The Dashboard She Checks Every Morning

Keisha keeps a comparison dashboard open on her laptop. Two columns:
January 2025 (Before ML Benchmarking):

o Payment processing costs: 31% above median
o Annual excess cost: $6M

o Creator satisfaction: 74%

o Cost optimization opportunities identified: 0

May 2025 (After ML Benchmarking):

e Payment processing costs: 7% below median

e Annual savings: $11.3M (and growing)

o Creator satisfaction: 82%

o Cost optimization opportunities identified: 23 (8 implemented, 15 in validation)

Last week, the CFO sent her a message: "Your ML system just paid for itself 47 times
over. And it keeps finding more. This isn't just cost cutting—it's competitive advantage."

Keisha smiled. Because at 42, after eighteen months of wondering if she was missing
something, she'd learned the hardest lesson of her career:

You can't optimize what you can't measure. And you can't measure optimality without a
benchmark that understands your actual patterns.

The ML didn't just show them they were overpaying. It showed them exactly why,
exactly how much, and exactly how to fix it safely.

That night, Keisha got home early for the first time in weeks. Her daughter asked her
why she looked happy.

"Because | found $11 million the company didn't know they were losing. And the system
that found it keeps finding more."

HEROES LIKE YOU | veritglobal.com



"Is that good?"
"That's very good."

Because good data science isn't about pretty dashboards or complex models. It's about
finding truth that matters and proving it works.

Thirty-one percent overpayment became seven percent underpayment.
Six million in waste became eleven million in savings.
Guesswork became intelligence.

And it all started with an ML model that learned to see what humans had been missing
for years.

The Tech That Found Millions

ML Benchmarking Intelligence — Machine learning system that analyzes payment patterns,
compares to anonymized industry benchmarks from similar companies, and identifies cost
optimization opportunities.

Pattern Learning — Trains on transaction data to understand actual behavior (not
assumptions). Discovers urgency patterns, timing inefficiencies, service tier mismatches.

Benchmark Comparison — Finds similar companies in anonymized dataset. Compares actual
performance to optimal performance. Shows specific divergences with financial impact.

Validation-First Recommendations — Every optimization includes testing phases: canary
validation, impact measurement, rollback triggers. Proves savings before full deployment.

Continuous Intelligence — Re-analyzes patterns weekly. Adapts to business changes. Finds
new opportunities as company evolves and market conditions shift.

Risk-Aware Optimization — Predicts market volatility, detects anomalies, includes safety
mechanisms. Not just cost cutting—intelligent risk management.

Cross-Domain Insights — Finds business model problems hiding in operational data.
Discovers subsidy patterns, service tier mismatches, structural inefficiencies.
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"We were paying 31% more than industry median for payment processing—$6M
annually—and nobody knew. The ML benchmarking system learned our patterns,
compared us to similar companies, and found exactly where we were inefficient. Not
guesses. Not theories. Validated opportunities with phased testing. Four months later,
we've saved $11.3M and we're now 7% below industry median. The ML keeps learning,
keeps finding opportunities. It's not just cost optimization—it's continuous intelligence that
makes us smarter every week."

— Keisha Williams, Chief Data Officer, GlobalPay

VeritOS by Verit Global Labs
Where machine learning finds the millions you didn't know you were losing.
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